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accuracy of table recognition increases from 45.20% to 59.68%. 60
e Overall, LATTE shows strong iterative refinement ability, while the first round
of refinement brings the most improvement.

e Delta-view concatenates the expected ground-truth image (top) rendered image from the recognized
LaTex code (bottom) , and highlights their differences using a column-wised Wagner-Fischer algorithm.

e Delta-view enables the fault localization and refinement models better understand what parts of the
recognized LaTex code need to be fixed.
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4. Case Study
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Fault Localization Model's Architecture
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